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J7)Students can explain the concept of big data

Students can describe three characteristic features of big data
(2)Students recognize the risks of data-driven decision makings
EI;Students can distinguish correlational analysis from causational analysis

Zt)Students can explain a few effective examples of big data
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As engineers working in the century of knowledge, we should understand how some knowledge is created
from daily dataflow from the society, and may be used in important decision makings. Big data is a recent
e and not well-defined concept but a naming of a series of processing ideas and methods handling such huge

dataflow. It is different from well-established processing methods in the last century, depends on the huge
rocessing power on recent computers, and has large benefits along with serious risks to our society. This
ecture intends to summarize the basis of big data for young engineering students.
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The students are expected to have reseptive English skills of TOEIC 500 or higher, because all the lectures,
discussions, asignments, and tests are to be done in English. The students are also required to read the
assigned pages of the text before every lesson, write short summaries and present them to the class.
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138 Two examples of showing social effect from big
= data (p 1-12)
28 The outline of three shifts of information analysis
= caused by big data  (p12-18)
38 Processing ALL data instead of some samples
= (p19-31)
e Handling messy data
B
3140 48 (p32-49)
5E Leaving causality to satisfying with correlations
= (p50-72)
68 Leaving causality to satisfying with correlations
= (p50-72)
78 Datafication: turning data into valuable
information (p73-97)
IS e Datafication: turning data into valuable
#%HA = information (p73-97)
N Value: non-rivalrous option value of data
98 (p98-122)
E Value: non-rivalrous option value of data
108 | (pog-122)
1138 Implications: data, skills, and ideas for the value
= chain (p123-149)
1238 Implications: data, skills, and ideas for the value
4thQ = chain (p123-149)
138 Risks : privacy, punishment based on the
probability, dictatorship of data (p150-170)
N Control: from privacy to accountability, the
148 | 3gorithmist (p171-184)
N Next: when data speaks, the bigger data
158 1(p185-197)
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